TwiBot-20: A Comprehensive Twitter Bot Detection Benchmark
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* Bot detectors need to leverage more user information in order to perform well.
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Algorithm 1: TwiBot-20 User Selection Strategy

= YRR rT— Dataset #User #Property #Tweet #Follow
e i o AP varol-icwsm [27] 2,573 0 0 0
put: user information set F 2
I — prombots [31] 21,965 750,991 0 0
ug.layer « 0;// designate seed user as layer 0 i
S « {uo}; // set of users to expand celebrity [31] 5,971 879,954 0 0
up.expanded < False; gilani-17 [13] 2,653 104,515 0 0
J b 2; i cresci-rtbust [19] 693 28,968 0 0
while S # @ do : Qc e
— S.pop(); / expand with use cresci-stock [7] 13,276 551,603 0 0
() (_p(;fl,:w;?():?f B midterm-18 [32] 50,538 909,684 0 0
P(u) « get_property(u); botwiki [32] 698 29,082 0 0
if u.layer > 3 or u.expanded == True then . 29 T
F oo FUWT.P.o = 2); ¢ verified E‘] 1,987 83,383 ‘ (0‘ 0
L continue; // three layers max @KamalaHarris PAN-19 11,568 0 369,246 0
u.expanded < True; P caverlee [15] 22,224 155,568 5,613,166 0
NI (w) — get_friend(u); - g cresci-17 [6] 14,398 547,124 18,179,186 0
Z‘((z;) h{gxt[{;ul;rzer)(}u); [ | TwiBot-20 229,573 8,723,736 33,488,192 455,958
u) u), u)y;
F « FUu(T,P,N); . . . . . .
S — SUNS(a) UN'(u); e A user cluster in TwiBot-20 with @SpeakerPelosi as the seed user is illustrated.
foryENf(uJUN’(u) do . . . . . . . . [ i i
| sespanded o rat * The follow relationship in TwiBot-20 provides neighborhood information and three aspects of user information
y.layer «<—u.layer +1; .
L H H [
Ratusn F; 1) obtained one chustes of iser inforisation forms a dense graph structure to enable community-based bot detection measures. establish the largest benchmark
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